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Deep learning is a new area of machine learning research. Deep learning has proposed a
new approach for machine tranglation which is called neural machine trandation. End-to-
end training of this system on the task of English-to-Persian translation needs a large
paralel corpus. Thereis afew parallel corporafor Persian language which is either small

in size or unavailable for research purpose. As an aternative solution, large Persian




corpus for vector representation of words has been collected. Word2Vec has been used
for vector representation of words. To measure quality of the Persian word vectors, we
defined a new test set that contains four types of sematic questions, and six types of
syntactic questions. In order to answer these questions, we used cosine similarity
measure. Our results show that the accuracy of model depends on dimension of the word
vectors and amount of data. In this study, we used the recently proposed sequence to
sequence framework for neura machine trangation. The vector representation of words
from Word2vec were used in order to initializing the neural machine translation system.

The proposed model have been taken 2 days to train and it achieved a perplexity of 29.
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